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Linearized numerical homogenization method for nonlinear
monotone parabolic multiscale problems

A. Abdulle! M.E. Huber! and G. Vilmart?

Abstract

We introduce and analyze an efficient numerical homogenization method for a class of nonlinear
parabolic problems of monotone type in highly oscillatory media. The new scheme avoids costly
Newton iterations and is linear at both the macroscopic and the microscopic scales. It can be
interpreted as a linearized version of a standard nonlinear homogenization method. We prove the
stability of the method and derive optimal a priori error estimates which are fully discrete in time and
space. Numerical experiments confirm the error bounds and illustrate the efficiency of the method
for various nonlinear problems.

Keywords: monotone parabolic multiscale problem, linearized scheme, numerical homogenization
method, fully discrete a priori error estimates.
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1 Introduction

In this paper, we propose a linearized numerical homogenization method for the efficient approximation
of multiscale parabolic problems of the form

Ot — div(a® (z, Vu©)Vu®) = f, in Q% (0,7T), (1)

where Q C R? (with d < 3) is a polygonal domain, T' > 0 is the final time and the d x d tensor a®(z, )
rapidly fluctuates in space at a small scale € and is both elliptic and bounded uniformly with respect to
. For simplicity, we impose for (1) homogeneous Dirichlet boundary conditions and a non oscillatory
initial condition at ¢ = 0. We assume throughout this article that the equation (1) is of monotone type
to guarantee the well-posedness of the problem, i.e., the maps A°(z, &) = a°(x, £)§ are strongly monotone
and Lipschitz continuous with respect to ¢ € R?, with constants independent of e. This class of problems
arises in many applications, e.g., material laws in elasticity or constitutive relations in magnetodynamics
[34, 35]. The nonlinearity of the tensor a® in (1) with respect to the solution gradient Vu® makes the
problem challenging both computationally and for the analysis because it combines the difficulties of the
finescale structure of the data (with small variations at the microscopic scale) and the nonlinearity of the
problem.

The aim of this paper is to analyze the convergence of a linearized version of a nonlinear ho-
mogenization method proposed in [6] to approximate the effective solution to the multiscale problem
Opus — div(A®(z, Vus)) = f which includes the class of problems (1) for A®(x,&) = a®(x,£)¢. The
method of [6] combines a nonlinear FE-HMM method (coupling macro and micro finite element meth-
ods) with the implicit Euler method in time. Although the computational cost of the nonlinear method
in [6] is independent of the small scale ¢, its upscaling procedure however relies on nonlinear elliptic cell
problems which is computationally costly for practical simulations. The linearized version presented in
this paper permits to avoid Newton iterations, which considerably improves the computational efficiency
of the method.

The existence of a macroscopic effective model for (1) in the asymptotic regime ¢ — 0 is ensured by
the homogenization theory in [36, 37]. Since the effective material properties are not explicitly available in
general, numerical methods are needed to estimate them. Following the methodology of the heterogeneous
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multiscale method (HMM) introduced in [18], we apply a finite element method (macro solver) on a
spatial macro partition to approximate (in space) the solution of an effective equation whose material
properties are recovered “on the fly“ by an appropriate numerical upscaling procedure. This is achieved
by performing local micro simulations (using a finite element method as micro solver) within sampling
domains which are of size comparable to ¢ (the size of spatial micro oscillations). Thus, the computational
cost of the method is independent of the small scale . Combining the spatial macro solver with a new
linearized implicit Euler scheme for the time integration leads to linear micro simulations. In turn, the
resulting multiscale scheme does not involve any nonlinear equation to be solved, neither at the macro
scale nor on the micro scale.

In the main results of this paper, we establish the stability of the method and derive optimal fully
discrete a priori error estimates which hold without structural assumptions (like periodicity) on the tensor
a®. The a priori estimates consist of explicit convergence rates for the time discretization error as well
as the spatial finite element error on both macro and micro scale. Further, we derive error bounds that
account for the modeling error depending on the parameters of the upscaling strategy, i.e., boundary
conditions for micro simulations and size of the micro sampling domains.

Literature overview. Numerical homogenization methods are well developed for wide classes of mul-
tiscale problems, see e.g. the review [5] and references therein. However, the numerical literature for
monotone parabolic problems (1) is less abundant. We refer to [38] for a multiscale method, which re-
quires periodicity of the tensor a, and to [21] for an extension of the multiscale finite element method
(MSFEM). Further, we mention the discussions about linearization techniques for nonlinear monotone
multiscale problems given in [20, 26]. As mentioned above, a nonlinear FE-HMM combined with the
Euler implicit method has been proposed in [6] from where various results will be used in the present
analysis.

For nonlinear parabolic singlescale problems d;u—div A(Vu) = f, semi-discrete a priori error estimates
(in space) have been derived in [13, 15]. Further, many strategies to linearize numerical methods for
stiff ordinary differential equations (ODEs) and time-dependent singlescale PDEs are available in the
literature. In particular, we mention Rosenbrock methods (only one Newton iteration per timestep) and
W-methods (only one Newton iteration with inexact Jacobian per timestep), see [25, Section IV.7] for
an overview. We emphasize that simply applying such linearized time integrators to the effective model
associated to (1) does not yield the linearized multiscale scheme proposed in this article. Indeed, due to the
nonlinearities arising at the microscopic level, the resulting scheme would remain nonlinear. For parabolic
singlescale PDEs, already in the work [16] by Douglas and Dupont an extrapolated Crank-Nicholson time
stepping scheme has been considered to avoid large nonlinear algebraic systems. Then, Nie and Thomée
proposed in [33] linearized numerical schemes for singlescale problems of the form d;u—div(a(z,u)Vu) = f
(in space dimension two) where a(z, s), for s € R, is a strictly positive scalar function. Their results consist
of optimal space-time a priori error estimates for numerical methods constructed by coupling a finite
element method (with numerical quadrature) and linearized time integrators. Further, Makridakis studied
in [32] a class of linearized space-time discrete methods (one linear system to solve per timestep) for a
system of nonlinear hyperbolic PDEs from elastodynamics and derived optimal a priori error estimates
(in both time and space). Finally, in [31], Lubich and Ostermann presented a semi-discrete analysis (in
time) of linearly implicit integrators used for the time discretization of nonlinear parabolic PDEs, seen
as evolution problems posed in Hilbert spaces.

Outline. The article is organized as follows. In Section 2, we recall the homogenization results for the
model problem (1) and discuss conditions for the tensor a® that are sufficient to ensure the monotonicity
of the model problem. Next, we introduce the linearized multiscale scheme in Section 3, prove the well-
posedness of the numerical method and present the fully discrete a priori error estimates. The proofs of the
error bounds are provided in Section 5. Further, in Section 6, we present several numerical experiments
to illustrate the convergence results, the efficiency as well as the robustness of the method. The article
ends with a conclusion in Section 7.

Notations. Let W*?(Q) denote the usual Sobolev spaces which we write as H*() for p = 2. Further,
we use HE(Q) for the space of H!(Q)-functions with zero trace on the boundary 9Q, H~1() for its
dual space and W, (Y) = {v € H,.,.(Y)]| [, vdy = 0} for periodic H'(Y)-functions with zero mean

per er

on the unit cube ¥ = (0,1)? (with H},,.(Y) being the closure of C;2,.(Y) for the H'(Y) norm). Let

per
g: [0,T] = X be a function with values in a Banach space X (with norm ||-||x). The space of L? functions

and continuous functions g with values in X is denoted by LP(0,7; X) and C°([0,T], X), respectively.



Both spaces form a Banach space when endowed with the norm ||g|[z»,7;x) = (fOT lg()|/5dt)*/P and
lglleoqo.71.x) = supsefo,r) 19(8)] x, respectively. For vectors b € R? the Euclidean norm is denoted by
|b| and the canonical basis of R? is represented by ej,...,eq. Further, we denote ||a||> the Frobenius
norm of matrices a € R?*?. Finally, the constant C is a generic constant whose value may differ at each
occurrence. All constants considered in this paper are assumed independent of €.

2 Model problem and homogenization

Let Q x (0,7) be a space-time domain where 2 C R? (with d < 3) is a convex polygonal domain and
T > 0 is the final time. We study the parabolic quasilinear homogenization problem

O (z,t) — div(a®(z, Vu® (z,t)) Vu(z, 1)) = f(z), in Qx(0,7),
u®(x,t) =0, on 99 x (0,7, (2)
u®(z,0) = g(x), in Q,

where f € L?(2) models the source term and g € L?(Q2) prescribes the initial conditions.

Assumptions on the tensor. We assume that the family of tensors a®(z,¢) € (L>(Q x R9))dxd
(indexed by ¢) is uniformly elliptic and bounded, i.e., there exist 0 < A, < A, such that

Xl <a*(z,&)n-n, o (2,0 < Aalnl,  VENER?, ae. x € Qe > 0. (3)

The parameter € > 0 denotes the characteristic length of the smallest scale in the problem (2). In
particular, the tensors a® vary rapidly in space at this microscopic scale e. We use homogeneous Dirichlet
boundary conditions in (2) for simplicity. However, our analysis could be extended to other type of
boundary conditions (as Neumann or mixed boundary conditions).

While the uniform ellipticity and boundedness in (3) are sufficient for the well-posedness of our
algorithm, they are not sufficient in general to ensure the well-posedness of the exact problem (1). We
therefore make the following standard hypotheses of strong monotonicity and Lipschitz continuity on the
maps A°: Q x R? — R? defined by A°(z,¢) = a°(z,£)¢ for (z,£) € Q x R? and € > 0. We assume that
there exist L > X > 0 (independent of ¢) such that

(A1)  Lipschitz continuity: |A®(z,&1) — A%(z,&)| < L& — &, for &,& € R, ae. 2 € Q;
(A2)  Strong monotonicity: [A%(z,&1) — A%(x,&)]- (&1 — &) > A& — &I for 1,6 € RY ae. 2 € Q.

Under the above assumptions, the well-posedness of monotone parabolic problems of the type (2) is
classical, see [40, Theorem 30.A]: there exists a unique solution u® € E in the Banach space F with norm
|u|| ; bounded independently of e, where

E={veL*(0,T;Hy()| 0w € L*O0,Ts HH ()}, Ivllg = vl L2 om0 + 1000l 20711 (52))-

We note that the assumptions (A;) and (Az) can be deduced from properties of the tensor a° itself as
shown in the following remark. A proof is provided for completeness in Appendix.

Remark 2.1. Assume that a° is uniformly elliptic and bounded (3). If a®(z,-) € (W (R%))4*4 for a.e.
x € Q and the following estimate from Babuska [9, Assumption 3.3 and 3.4] holds

1/2
d 2
da;(x,§) L
— W <= VEER? ae 2€Q,e>0, 4
2 T SR W

with L, < A4, where A, is the ellipticity constant from (3), then the maps A®(x, £) = a°(x, £)¢ defined on
Q0 x R? are Lipschitz continuous and strongly monotone uniformly in € > 0, i.e., satisfying (A;) and (As).

For example, in the context of one-scale monotone elliptic problems, see [23, 28], one considers tensors
of the form

a®(z, &) = p°(z, |&|)1d, with p: Q x [0,00) = R and (z,£) € Q x RY,



where Id € R%*? is the identity matrix, u¢ is a continuous function on  x [0, 00) and p(x,) is contin-
uously differentiable for a.e. = € §). If there exist M,, > m, > 0 such that

my,(t—s) < p(z, t)t — p(x, s)s < M, (t — s), fort >s>0,x€Q,

then it is shown in [30, Lemma 2.1] that (A;) and (Az) hold. This is satisfied in particular if u®(x,s) is
bounded and there exists \,, L, > 0 such that L, < A, < p°(x,s) and
dye L

< ZE
‘ ds (x,s)‘ 1+’

Vs €[0,00),z € Q,e>0.

Examples similar to the ones numerically investigated in [28] and fulfilling these assumptions are in
particular p(z,s) =2+ (14 5)7! and u(z,s) = 2 + exp(—s?).

Homogenization for parabolic monotone problems. The process of homogenization aims at char-
acterizing the weak limit function u® € E of the family of solutions {u} of (2) as the solution of an
effective partial differential equation, the homogenized equation. Although the weak convergence in E
of a subsequence of {uf} follows directly from standard compactness arguments, the homogenization
theory shows the existence of an effective model for (2) by means of parabolic G-convergence techniques.
In [37, 36], the following convergence result has been derived: there exists a subsequence {u°} (again
indexed by ¢), a map A%: Q@ x R? = R? and u° € E such that

u® —u® in L2(0,T; HY(Q)), 0wuf — 9y’ in L2(0,T; H~H(Q)),
a®(z, Vuf)Vus — A°(z, V) in L2(0,T; (L*(Q))9),

where 4’ € E can be characterized as the unique solution of the homogenized problem

o’ (x,t) — div(A%(x, Vul(z, 1)) = f(x), in Qx (0,7),
u®(z,t) =0, on 092 x (0,7, (5)
u’(z,0) = g(x), in Q.

The existence and uniqueness of the solution u® of (5) is deduced using (A;) and (As) which can be
shown to hold also for the effective problem (5) (possibly with different constants).

Remark 2.2. An explicit representation of the map A" is only available for tensors a® with a particular
structure (like periodicity or ergodicity), analogously to the linear case. In the case of locally periodic
tensors a®(x,§) = a(x, £,£) where a(z,y,§) is Y-periodic in y, it is shown in [27] for elliptic monotone
problems, that the homogenized map A°(z, &) can be represented by

Az, ) = /Y a(,9.€ + VX2, 9)) (€ + V() dy, (6)

where x¢(z,-) € W

per

(Y) solves

/Y a(z,y.6 + V(2. ) (6 + ViE(e.y) - Va(y) dy =0, Vg e WL (Y). (7)

This representation is true also in our context of parabolic problems because the homogenized map
A%(z,€) is identical to the elliptic case, see [37]. Further, we note that for spatially periodic tensors
a®, the homogenized map A° can be decomposed following A°(¢) = a®(€)¢ where a®(¢) € R¥¥9 is the
homogenized tensor, see [9].

3 Nonlinear and linearized multiscale methods

In this section, we recall the nonlinear multiscale method introduced in [6] and propose a new linearized
method. Both methods rely on micro and macro finite element spaces.



3.1 Micro and macro finite element spaces

Macroscopic spatial discretization. Let Ty be a shape-regular triangulation of the polygonal do-
main Q consisting of open simplices K € Ty with straight edges. The index H of the macroscopic
triangulation 7y denotes the macro mesh size H = maxyc7,, diam K where diam K denotes the diame-
ter of a simplex K € Ty. Further, for K € Ty, the measure and the barycenter of K are denoted by |K|
and z g, respectively.

Associated to the macro triangulation 7 we introduce the finite element space S§ (€2, Tpr) consisting
of piecewise affine functions

S, Tw) = {of € C°Q) N HLQ) | v |k € PHK) for all K € Ty}, (8)
where P!(K) denotes the space of affine polynomials on K € Tg.
Microscopic spatial discretization. Let K € Ty be a macroscopic element. To perform localized
microscopic simulations we introduce sampling domains K5 of microscopic size centered at the barycenter
xg of the macro element given byKs = zx + 0 (— 2, 2) , with § > &. The sampling domain Kjs is
discretized by a microscopic triangulation 7 of open simplices T' € 7T}, with straight edges. Here, the

parameter h denotes the microscopic mesh size h = maxre7, diam 7. Further, let W (Ks) C H!(Ks) be
a Hilbert space. Then, the microscopic finite element space S(Kjs, T5) is defined by

SY K5, Th) = {v" € CO(Ks) N W (K5)|v" |7 € PHT) for all T € T}, (9)
where P1(T) is the set of affine polynomials on T € Tj.
Time discretization. The time domain (0,7) is discretized into N subintervals (¢,—1,t,) of identical
length At = T/N, where At is called the time step size and t,, = nAt.
3.2 Nonlinear FE-HMM
We recall here the nonlinear FE-HMM proposed and analyzed in [6].
Nonlinear macro method. Let uf € S}(Q,7x) be an approximation of the initial conditions g(z).

The sequence of numerical approximations {ul} C S3(€, Ty) generated by the nonlinear multiscale
method proposed in [6], solves the nonlinear recursion

/At ull | —ulwfdz + Z \K(;\ xVuKnH)VuKanx Vw (zg) /wadx (10)
KeTu

vuwf € S3(Q, Tw),

where 0 < n § N —1 and 11}}{ ny1 18 the solution to the nonlinear micro problem (11) constrained by the
macro state v = vl . In the analysis, we shall use the compact notation dyuf = <5 (ufl | — ufl) for
the backward difference quotient in (10).

Nonlinear micro problems. For K € Ty and v € S}(Q, Ty) fixed, consider the nonlinear micro
problem: find 9% such that % — o € SY(Kj,T;,) and

/ af(z, VOVl . Ve'de =0,  Vq¢" e SY(K;,Th). (11)
Ks

We recall that the nonlinear micro problem (11) is well-defined because A°(z, ) = a®(x,£)¢ is assumed
to satisfy (A1) and (As).
3.3 Linearized FE-HMM

In contrast to the nonlinear FE-HMM described above, the idea of the linearized FE-HMM is to represent
the solution at the macro and the micro scale using the following product of finite element spaces

ST =85, Tu) x [[ S"(Ks,Th), (12)

KeTu



where S} (2, Ty) and S1(Kj5,Ty) are defined in (8) and (9), respectively. An element 2 = (27, {21}) €
ST thus consists of a macroscopic finite element function 2 € S} (€, Tz) and a family of microscopic
functions {2%}xer, where 2% € SY(Ks,Ty) for every sampling domain Kj. Further, for x € Ks, we
define 0% (z) = v (z) + 2 ().

Modified macro bilinear form. For a given 2 = (2, {21}) € S we introduce the bilinear form
BH(2;.,.) for macroscopic functions v, w € S}(Q, Ty) by

K N
BH (50 wh) = Z K] a® (:c, Vé%(x))Vf)?(’z(x)dx -Vt (zg), (13)
KeTy ‘K(S‘ Ks

where v?(z =l (z) + v?(’é(x), with U;L(fé(l‘) € SY1(Ks,Ty), is the solution of the micro problem (14) with

parameter 2% and macro constraint v

Micro problems. The proposed multiscale strategy is driven by simulations at the microscopic scale.
To upscale the microscopic behavior linked to a given macroscopic state we introduce constrained micro
problems on the sampling domains. For K € Ty, £ € SHM and v# € S}(Q, Tw) fixed, we introduce the
micro problem: find 8% (z) = v (x) + v} (z) with v/2* € S' (K5, Tp,) such that

/K. a® (x, Vé@(x))Vﬁ];(’i(x) V4" (z)dx =0, Ve SY(Ks, Th). (14)

Notice that problem (14) is hnear in contrast to problem (11). The coupling between the macroscopic
state v and the solution v * to the micro problem (14) is imposed by the choice of the subspace
W (Ks) C HY(Ks) implicitly encoded into the micro finite element space S*(Ks, 7) defined in (9). In
this article we consider two different coupling conditions

e periodic coupling: W(K5) = W, (K;) = {v € H),,.(Ks) | fK x)dr =0} and &/ € Nxo;

per
e Dirichlet coupling: W(Kj5) = H}(K5) and 6 > e.

We next explain here the construction of the linearized FE-HMM solution u’’ approximating the
homogenized solution u® in (5) at time t = nAt. We first describe the scheme starting from i given at
time t; = At. The procedure to construct u; is discussed afterwards.

Linearized macro method. Let iy = (ufl, {u?K}) € ST be given, then the sequence {i,,} is defined
by the following linear recursion. For 1 < n < N —1, each time step of the multiscale method corresponds
to the map @y = tny1 = (wffy ), {ull ) x}) € ST defined as

(i) evolution of the macroscopic state: find ufl,; € S§(€2, Tyr), the solution of the linear problem
/QE(U,?H—uf)deac—&—BH(ﬁn;ufH, / fwHdx, vl € S3(Q, Tw); (15)

(ii) update the microscopic states: for K € Ty, compute

h,ly,
Z+1 K ‘TR (16)

the solution to the micro problem (14) with parameter 2 = @, and macro constraint v = uff ;.

Initialization procedure. We next discuss how to define 4; for the linearized scheme (15). Let
ull € S}(Q, Ti) be an approximation of the initial state g(x). For instance, a natural choice is ul! = Zyg
where Zy is the nodal interpolant (39), but our analysis is valid for general initial conditions ul. To
be able to start the linearized multiscale method (15) an element @y = (ufl, {uf x}) € ¥ with micro
functions ufK € SY(Kj5,Tp) is required. A trivial initialization would be to set 4y = (ull,{0}) and
to calculate @; using the linearized multiscale method (15) with n = 0, but this would deteriorate the
accuracy. We thus propose to use one single time step of the fully nonlinear multiscale method (10),
which allows to prove optimal convergence of the temporal error. Let ufl be the numerical solution
of (10) at time t; = At and 4y, h o (x) the associated solutions to the nonlinear micro problems (11). We
then initialize the linearized multiscale method at time t1 = At with

ay = (uy’, {a]  —ui'}) € ST (17)



Remark 3.1. We emphasize once again that in the linearized FE-HMM defined above, both the macro-
scopic state equation (15) and the independent micro problems (14) are linear, in contrast to the nonlinear
FE-HMM (10) which involves nonlinear and coupled problems at both the macro and micro scales. Indeed,
observe in (15) that the form B is evaluated with B (ti,;ufl,,,w?) instead of B¥ (tin11;ull, ,, w!),
where the nonlinear parameter ,, is already known. Since B (4,,;-,) is a bilinear form, this means that
the cost of solving (15) is analogous to that of the implicit Euler method applied to a linear parabolic
finite element problem. In terms of memory storage, notice that the space SH h used to represent the
numerical solution of the linearized FE-HMM 4,, — @41 1s the macro state u and a vector Vi, for
each sampling domain Kj;, whereas only the macro state ull is needed for the nonhnear FE-HMM (10).

4 Main results

In this section, we derive the well-posedness and a priori convergence estimates of the proposed linearized
FE-HMM.

4.1 Well-posedness of the numerical method

The well-posedness of the linearized FE-HMM relies on the following lemma.

Lemma 4.1. Assume that (3) holds. Then, the form defined in (13) satisfies for all 2 € SEh v wH
Sé(Qa TH)7

. . A2
B (0™, o) 2 Ml [Vo gy, BT G0 0] < 32V g [V | o
with the constants \q and Ay from (3). Thus, BT (2;-,-) is elliptic and bounded on S§ (%, Ta) < S§ (2, Te)

(uniformly in 2).

Proof. First, the existence and uniqueness of a solution to the constrained linear micro problems (14) is
clear as the tensor a® is uniformly elliptic and bounded, see (3). Further, we note that Lemma 4.1 is a
generalization of a result known for FE-HMM applied to linear elliptic problems, see [1, Proposition 3.2].
The proof relies on the fundamental energy equivalence

h.3 A,
HVUHHL2(K5) < Hv“;?z 7”VU

L2(K5) ||L2(K,;)’

where f/?{”% is the solution to the linear micro problem (14) with parameter # and constraint v*. O

Lemma 4.2. Let ull € SH(Q, Tu), f € L*(Q) and assume that (3) and (Ai_2) hold. Then, for all H,h
and At the sequence {ull}1<,<n defined by the linearized method (15) using the nonlinear initializa-
tion (17) exists, is unique and satisfies the a priori bound

N 1/2
. 2
1gza<XN Hu” HLQ(Q) +min{A, Ao} <nz_:1 AtHvufHLQ(Q)> (Hf“m(ﬂ) + HUO HLz(Q))

where C' depends on the ellipticity constant A, of a®, the monotonicity constant \ of A%, the final time
T and the Poincaré constant Cp, of the domain Q.

Proof. First, we note that the existence, uniqueness and boundedness of the nonlinear initialization (17)
has been proved in [6, Theorem 3.5] using the hypotheses (.A;_2). In particular, we have the bound

+ AAt|Vuy < AtC2Hf||L2 (18)

[Jus” ||L2(Q) [Jug" HL2(Q) ||L2(Q)

Next, for 2 € S and v, wf € S§(, Tw), we introduce the bilinear form A7At(2;. .) and the linear
form FH At(2:.) by

1 1
AH’At(é;vH,wH):—/vade—&—BH(é;vH,wH), FH’At(,%;wH):—/szde—i—/wadac.



Thus, for 1 <n < N — 1, the evolution of the macroscopic state (15) is equivalent to

AHAt(un, nHH,wH) FHAf(un,wH), V' € S§(Q, Tw).
The ellipticity and boundedness of A#A*(2;..) and the continuity of FH4%(2;.) follow from Lemma, 4.1.
Thus, the variational problem (15) has a unique solution for every 1 <n < N — 1.

Next, we prove the boundedness of the numerical solution {ufl}. First, we observe that for 0 < n <
N —1 it holds

/ putull  dx > %@HunHHQLz(Q). (19)
Q

Thus, for 1 <n < N — 1, the inequality (19) and the uniform ellipticity of B, see Lemma 4.1, lead to
1 H |2 H|2 H |2 5, H, H H(pn . H H
TAt(H“nHHm(Q) = [Jus ||L2(Q)> + )\a||vun+1HL2(Q) < 3tun Upyy 1Az + B (ln; gy Uy ) (20)

/ fun+1d$ =9, ||fHL2(Q Hvun+1HL2(Q

where we used the definition of the method (15), the Poincaré inequality (with constant C}) and Young’s
inequality. We conclude by combining the inequalities (18) and (20) summed fromn =1ton = N-1. O

4.2 A priori error estimates

In this section, we derive rigorous a priori error estimates for the proposed linearized FE-HMM with
two different sets of assumptions. In the first case, we assume directly the monotonicity and Lipschitz
continuity of the map A° and we make a smallness assumption on the size of the nonlinearity of the
problem. We note that such type of smallness assumption is commonly used in the numerical analysis of
nonlinear PDEs; e.g., see [7, Theorem 4] or [11, Section 8.7]. In the second case, under the conditions on
the tensor a®(x,&) derived in Remark 2.1 error estimates are shown without this smallness assumption.
However, the result in the second case is obtained at the expense of assuming that a certain linearization
error denoted by e, i, see (31), is small enough. In Section 6.1 we illustrate with numerical tests that
this hypothesis is indeed satisfied for sufficiently fine discretizations of the space-time domain.

To estimate the error introduced by the numerical upscaling procedure built into the multiscale
strategy (15), we define

1/2
2
v (Vo) < > |K|‘“40 i, Vol (z)) —Agéh(VUH)‘ ) , o for o™ € S5(Q,Tw),  (21)

KeTu

where A° is the exact homogenized map from the homogenized equation (5) and A(;gh is the numerically
homogenized map defined in (35). In particular, in the a priori error estimates of Theorems 4.3 and 4.4
the upscaling error is quantified by ey given by

eHMM = 1234<XN7'HMZVI(VU ) (22)

where UH € S}(Q, Ty) is a finite element approximation of the homogenized solution u® at time ¢, for
1 < n < N. In the analysis, we consider either T = Tgu°(-,¢,) the nodal interpolant (39) or U = 720
the elliptic projection (41), as detailed in Section 5.1.

Error estimates using a smallness assumption on the nonlinearity. To derive our first a priori
error estimate, we assume additionally that the tensor a®(x,¢) is uniformly Lipschitz continuous in the
second variable ¢, i.e., there exists a constant L, > 0 such that

af(x,&1) — a®(z, )| » < Lalés — &|,  V&,& €RY, ae z € (23)

For £ € R% and K € Ty, we introduce the exact micro function y 3 solving the variational problem: find
X% € W(Kj) such that

/af<x,5+vx%><f+vx§<>-qua:zo, Vg e W(Ks), (24)
Ks



and its finite element approximation X%h € SY1(Ks,Ty) satisfying
/ 0 (2,6 + VM) €+ VAED) - Vhde = 0, V" € S(Ks, Th). (25)
Ks

Note that for v € S§(Q, Ty) and & = Vol (xx) we recover & + Vx%h = 9% where 9} solves (11).
Analogously to linear elliptic problems, the exact solution xj, satisfies the bound HV)‘(%H L2(Ks) <

C \/W |€], where C' is independent of & and §. Under additional regularity of the data of the nonlinear

micro problem (24) the Lipschitz continuity of its solution )Zi( can be shown, e.g., see [29, Theorem 4.1].

For our analysis it is necessary to know the explicit dependence of the Lipschitz constant of )‘(i with
respect to € and £. We assume that

(R1) Hvxﬁ(H < C*¢| for K € Tu, € € R
L°°(K5s)

Further, we use the affine bijection Gk, : Y — K; between the micro cell domain K and the unit cell
Y = (0,1)%, and define x%fly = X%h oGk, and )Z%Y = )Z% o G, where h is the mesh size of the rescaled
partition 7; on Y obtained from 7} via the bijection G,. If the partition 7 is quasi-uniform! and the
rescaled micro problems (with solution )ZE(,Y) are regular enough, then the maximum norm estimates

for nonlinear monotone elliptic problems derived in [24] combined with an inverse inequality, see [12,
Theorem 3.2.6], yield

4+1
o (26)

&h ¢ H <C;171H &h ¢ H <C’ﬁ‘10 i
HXK,Y XK,y Wiieo(y) = XKy ~— XK)Y Loo(y) = g

where C' is independent of h and e, with unknown explicit dependence on |€]. Analogously to (R1) we
postulate that C' scales linearly with |£|. By transferring the bound (26) back to the sampling domain
K and observing that § = O(e) we obtain that

®R2) |V -k ey S O Elel for K € T, € € R,
> (Ks
where C* = C’|log(h/z-:)|%Jr1 is weakly depending on h/e.

We may now state our first a priori error estimate on the linearized FE-HMM based on the smallness
assumption (28) on the nonlinearity.

Theorem 4.3. Let u® be the solution to the homogenized problem (5) and ull the approzimations de-
fined by the linearized multiscale method (15) using the nonlinear initialization (17). Assume that the
tensor a® satisfies the assumptions (3), (23) and that the map A° given by A®(x,£) = a(x, &) satisfies
assumptions (A1) and (Az). Let the following conditions be valid for ;1 =1 and some constant Ly > 0,

u®, 0’ € CO([0,T], H3(Q)), d2u® € C°([0,T), L*(Q)),

A°(-6) e W@ RY) with (A, <Co+le),  veemrt D

)HWM:OC(Q;]Rd

Assume further that )‘(% and X%h given by (24) and (25), respectively, satisfy assumptions (R1) and (R2).
If the exact solution u® verifies

< Aas (28)

W € CO0TLWS(Q). VAL +C) Ly max (@) e

tel0,T

(where C* is the constant from (R1)) then there exist Hy, hg > 0 such that for any H < Hp, h < hg, we
have the a priori error estimates

| Dax, |ull — uo(x,tn)HLz(Q) <C(At+H"+egmm + lull —gllr2) - (29a)
1/2
(At 2521 ||VU£I - VUO($7tn)H2Lz(Q)) <C(At+H+egym + Juf" — 9llr2) (29b)

where 1 = 1, the upscaling error emyrar (evaluated at the nodal interpolant UF = Tyu®(-,t,), see (39))
is given by (22), and C is independent of At,H and egprns-

Further, the estimate (29a) holds with = 2 and exprar evaluated at the elliptic projection U =
see (41), if additionally (27) holds for ;1 = 2 and conditions (42) are satisfied.

~H,0
yY,

1Precisely, there exists a constant C' > 0 such that ﬁk > Ch for all sizes fzk of the finite elements k € Tj,.



Error estimates without the smallness assumption on the nonlinearity. We note that condi-
tions (3) and (23) together do not imply (A;) or (Az) in general for the map A°(z,§) = a®(z,£)§. For
our second error estimate, we make the assumptions

1/2
d 2
dag;(€) L A
af(z,-) € (WH(RY))*?  with Y < and L, < %,
() € (W) 2 |8 ST+p W7 (30)

VEeRY, ae zeq.

We recall that condition (30) combined with (3) is sufficient to imply (A;) and (Ag) for A°(z,§) =
a®(z,&)&, as shown in Remark 2.1.
For 0 <n < N and K € Ty, we consider the error term e,, r € (L>°(Ks))4*? given by

1
en. k() = a(z, VﬁZ,K) — / a®(z, VﬁfL,K — TV627K)dT, a.e. T € Ks, (31)
0

where 4, = (ulf,{ull }) € %" is obtained from the numerical method (15) and 0, = (05,408 «})

denotes the difference én = Uy — Z/A{n between the numerical solution 4, and an approximation Z;{n of the
homogenized solution u° (and its associated first order correctors), see (47) for details. Thus, if 4, is a
good approximation to u® one can expect that e, ¢ is small.

Theorem 4.4. Let u® be the solution to the homogenized problem (5) and ull the approximations defined
by the linearized multiscale method (15) using the nonlinear initialization (17). Assume that the tensor
a® satisfies (3) and (30). Further, let the homogenized solution u® and the homogenized map A° satisfy
the regularity assumptions (27) for u=1. If

Aa
max [len, k|| Loo(Ks))dxd < — = (32)
S, T s
then we have the a priori error estimates
H 0 H
sl =)oy < C (A + B epne [~ gliz) . (359)
9 1/2
(At 2521 HVU,,I;I - VU/O(.’E,tn)HLQ(Q)) < C (At +H + eHMM + Hu(l)—l - gHL?(Q)) ) (33b)

where 1 = 1, the upscaling error egyrar (evaluated at the nodal interpolant UE = Tyu®(-t,), see (39))
is given by (22), and C is independent of At, H and egprps-

If additionally u® € C°([0,T], W?°°(Q)), conditions (27) hold for p = 2 and hypotheses (42) are

satisfied then there exists Hy > 0 such that for any H < Hy the estimate (33a) holds with p = 2 and
exmm evaluated at the elliptic projection UH = GH0 ) see (41).
Remark 4.5. We observe that the monotonicity of the model problem allows us to avoid the smallness
assumption (28) in the above theorem. The alternative condition (32) assumes that the quantity e, x
defined in (31) is small enough. We note that this assumption automatically holds for linear problems.
For nonlinear problems however ||en7K||(]-J(,Q(K5))dXd can be bounded by CHV’LALZ,K - VZ:{:LL,KHLoo(Ké) for
which convergence results are difficult to derive. However, in Section 6.1, we provide numerical evidence
that the condition (32) is verified for spatial and temporal discretizations that are fine enough.

Fully discrete a priori error estimates. To derive fully discrete estimates taking into account the
finescale discretization and upscaling errors, it remains to bound the error egpsas defined in (22) and
involved in Theorems 4.3 and 4.4. Explicit estimates for ey rely on a decomposition of the total
upscaling error into modeling and microscopic error denoted by €,,,q and e,,;., respectively,

B o\ 1/2
e < max (Syeer, KA e, VU (a0)) — A (VU)[*) (= emod)
- o 1/2 (34)
T 0,h
+ o (S, KA 0l - 4 [ ) (= emic)

10



where A" is the exact homogenized map and the approximated maps A} and A%h are given by

1
|Ks| Sk,

1

af (2, E+ V) (E+ VG, AV () = ——
|Ks| Jr,

A% (€) as (z, &4V (E+ V) dz, (35)

where )’(i and Xigh solve the micro problem (24) and (25), respectively, for K € Ty, &€ € R?.

For explicit convergence rates of the micro error e,,;. with respect to the micro mesh size h appro-
priate regularity of the exact solution )‘(% of the nonlinear micro problem (24) is required, e.g., see [3].
Further, to obtain optimal convergence rates for e,,;. the adjoint micro problems (36) are crucial. Such
adjoint problems have already been introduced for linear multiscale problems with non-symmetric tensors,
see [17].

In view of those results, we assume that )‘(% solving the nonlinear micro problems (24) satisfy

(H1) % € H2(K;) and ‘x; < Cee|/EKs| for K € Ty, € € RY,

H2(Ks)

and introduce the linear variational problem: find X%’ € W (K5) such that
T e
/ (DeA®(2,6+ VX)) (65 + VX)) - Vzdz =0, Vze W(Ky), (36)
Ks

where X% solves the nonlinear micro problem (24), 1 < j < d, K € Ty and ¢ € R% Note that the
micro problem (36) is well-defined as the Jacobian D¢A°(x,&) is uniformly elliptic and bounded if A®

satisfies (A1), (Az) and is smooth enough. We assume further that the solution X %j of the adjoint micro
problem (36) fulfills

X5 € H*(K;) and ‘X%j‘m(f( : < Ce'W|Ks| for K€ Ty, 6 €RYj=1,....d;
5

(Hl*) 23 1 23 d
X8 € Wh(K;) and ‘XK' <C for K € T, 6 €R,j=1,....d.

Wi (Kjy)

We note that the micro error e,,;. can be estimated independently of the structure of the spatial
variations of the tensor a®(x,£). In contrast, to derive explicit estimates for the modeling error €04
structural assumptions on the spatial heterogeneities of the tensor a®(z,&) are necessary. For linear
multiscale problems, i.e., with tensors a®(x, &) independent of ¢ € R? such results have been derived
assuming local periodicity or random stationarity of the tensor, see [19]. In this article, we present
explicit estimates for

(H2) locally periodic tensor a®(z, &) = a®(x, £,£) = a(z,y,£) which is Y-periodic in y and satisfies

e
||a($1,y7§) - a(@a%f)”}- S Cl.’l?l - lea V'Tlvx2 S Q’E S Rda a.e. Yy & Y.
Theorem 4.6. Let u® and ull be the exact homogenized solution and the numerical solution defined by the
linearized multiscale method (15) with nonlinear initialization (17), respectively. Assume the hypotheses
of Theorem 4.3 and Theorem 4.4 such that optimal error estimates in the L2(H') and C°(L?) hold for
the time discretization and macroscopic spatial error.

If additionally ag;(z,-) € W2e(RY) for 1 < i,j < d and assumptions (H1) and (H1*) are satisfied
then we obtain the optimal fully discrete error estimates

12}13;{]\[ ||u0(7tn) - UrIL{HLz(Q) S C [At —+ H2 + (%)2 + €mod + ||’LL(I)—I — g||L2(Q):| s

1/2
(At [VuoCtn) = Vall o)) < C [+ H 4+ (2) 4 emoa + 16’ = gllzzo]

where epmeoq 18 the modeling error and C' is independent of At, H, h, € and §. Further, if a® satisfies (H2)
with a®(z, &) replaced by a(rx,z/e,€) in (13) and (14), and if x*(zxk,-) € WH°(Y) in (7), then

Oa W(K5) = Wz}er(Kﬁ),é/E € I\]>0»
Emod < ey 1/2 1
C(5)"", W(K;) = Hj(Ks), 0 > e,

where C' is independent of € and §.

11



5 Analysis

This section is devoted to the proofs of our main results stated in the previous section.

5.1 Preliminaries

We introduce two semi-norms on the product space S+ defined in (12). For & = (v¥, {vh}) € SHh we
define

1/2

A IS , :

V”'S“(é% MHWKHL%K&J IVl = g [V gy
H

We observe that for all K € Ty it holds
b2 2 2
||V”?<HL2(K5) = ||VUH(xK)||L2(K5) + ||V”7<||L2(K5)’ (37)

because || Ks Vv?(dx Vo (z) = 0 due to cancelling and vanishing values of v?( on the boundary 0Ky for
micro spaces S'(Ks,T;,) with periodic and Dirichlet boundary conditions, respectively. Combining that
with the Poincaré inequality (for H{(Q2) and W(Ks) = H}(Ks)) and the Poincaré-Wirtinger inequality
(if W(K5) = W), (K5) instead) proves that |-[|gu» is a norm. Further, we note that the identity (37)
yields

HVUHHLQ < ||Vl gron, for all o = (v, {vh}) € ST (38)

(@)
We shall use in our analsyis the nodal interpolant
Tu: CY(Q) = SYQ, Tu), see [12, Section 2.4], (39)

where S1(Q, Tz) is the space of continuous, piecewise affine functions on the macro mesh 7z (compared
to S$(2, Tur) we do not impose Dirichlet boundary conditions on the boundary 99Q). We recall that the
choice UH = Tyu®(-,t,) (for 0 < n < N) combined with the regularity assumptions (27) for p = 1 is
sufficient to derive optimal error estimates in the L2(0,T; H}(Q)) norm.

However, to obtain sharp error estimates in the C%([0, 7], L?(Q2)) norm, more involved techniques have
been used in [6]. In particular, an appropriate elliptic projection @0 has been introduced. Herein, we
just recall its definition and refer to [6] for the details. For t € [0,7] and v,w € Hg(£2), let the bilinear
form B, be given by

Br(t;v,w) = [ &z, t)Vv - Vwdz, with .&7%(z,t) = Dg.AO(x, vul(z,t)), (40)
Q

where the homogenized map A° and the homogenized solution u° are assumed to be smooth enough.

Let t € [0,T], the elliptic projection @#0(-,¢) of u(,t) solves the variational problem: find @1:(-,t) €
S$(2, Tar) such that

B (t; a0, 1), w) = Br(t;u°(-, 1), w™), vuwl € S3(Q, Tw). (41)

Choosing U = 410 = 4H.9(. ¢,) in (47), optimal a priori error estimates in the C°([0, T], L#(2)) norm
have been derived in [6] under appropriate regularity assumptions. Those estimates are based on the
following lemma summarizing Lemmas 5.4, 5.5 from [6].

Lemma 5.1. Let u® be the exact homogenized solution and @0 its elliptic projection (41). Assume
that A° satisfies (A1_2) and consider By and </° defined in (40). If u® € C°([0,T], W?>°()), o’ €
C([0,T), H?(S2)) and the following holds,

Az, ) e WHS(RERY),  ae xeQ, 5,095 €CO0,T,WH=(Q), 1<i,j,<d,

42
quasi-uniformity of meshes Ty, e.g., see [12, Eq. (3.2.28)], and elliptic regularity (44), (42)

then for allt € [0,T] and k € {0,1}, s € {1,2}, we have the optimal error estimates
k, 0 k~H,0 s 0 ~H,0 0
Hat u ('at) - 81& u (.’t)HH27s(Q) <CH ) Hu ('at) —u ('at)le,oo(Q) < CHHU ('at)sz,oo(Q)a (43)

where C' is independent of H and the W1>° estimate is valid for H < Hy for some Hy > 0.

12



Note that the elliptic regularity assumed in (42) reads as: for 1 < p < o with some ¢ > d we have

[Ju’( t)HW?,p(Q) + [Ju®( ||W2 ) S C||div (e (-, t)Vu(- ||LP(Q Vi e|0,T], (44)

where u%* (-, t) solves the dual problem B, (t;w,u%*(-,t)) = By (t;u°(-,t),w) for all w € Hg ().
We now recall several estimates on the nonhnear FE-HMM (10) from [6] that will be useful for the
analysis of the proposed linearized version of the method.

Lemma 5.2. Consider v, wH € S} (K5, Tn) and K € Ty, Assume that A satisfies (A1) and (Az). Let
o and Wl be the solutions to the nonlinear micro problem (11) associated to the macro functions v!!

and w', respectively. Further, let the map .Aggh: S, Ta) — R? be given by (35), then

L
HVﬁK - VUA)KH[}(KS) < NV |K5|‘V'UH($K) - va(xK) )

2
‘A(}gh(VvH) - A?;h(VwH)‘ < LTWUH(QCK) — vl (zx)],

where L and X\ are the Lipschitz and monotonicity constants of the map A®(x,§), see (A1) and (Asz).

Proof. The monotonicity (Az), the definition of the nonlinear micro problems (11) and the Lipschitz
continuity (A1) of the map A° lead to
N[Vl — vw}g”iz(m < / [AS (2, Vi) — A% (z, Vil)] - (VO — Vil )da
Ks

= /K [A(z, Vo) — A% (x, VQZ);L()] (Vo (zx) — V! (zx))dz

< L/|Kl|| Vg — vw@”m%)\wH(zK) — Vull (zx)],

from where the first inequality follows. Further, combining the definition (35), the Lipschitz continuity
of A® with the first part of Lemma 5.2 concludes the proof. O

The following lemma summarizes Lemmas 5.6, 5.7, 5.8 and Corollary 5.10 derived in [6], its proof is
omitted.

Lemma 5.3. Let u® be the homogenized solution and U be given either by the nodal interpolant
Tyu(-,t,) or the elliptic projection a0, see (41). Further, assume that (3) holds for the tensor a® and
that the map A®(x,&) = a®(x,&)E satisfies (A1) and (Az). Then, under the regularity assumptions (27)
for p =1, we have that for 0 <n < N

VU = VU o ) < CAL (45)

Further, for 0 <n < N — 1 and w? € S}(Q, Ty), the following estimates hold with u = 1

/Q [0 (. 41) — O] w0 da| < O(AL + H) [0 | g (46a)
(2, VO (2, tys1)) - Vwllde — 37 KA (VUL,) - Vo'l (@ )]
KeTy
<C(HM+7“HMM(VU +1 HVU}HHLz (@) (46b)

where T s defined in (21), UH
and THMM -

If alternatively U2 zs given by the elliptic projection ,;"°, assume that hypotheses (27) hold for
p =2 and additionally u° € C°([0,T], W2°°(Q)) as well as hypotheses (42) are satisfied. Then, the first
estimate (45) still holds and there exist some Ho > 0 such that for H < Hy the estimates (46) hold for
w=2.

Optimal convergence rates for the error between upscaled maps A([)gh(f) and A% (&) where first pre-
sented in [1] for linear elliptic problems, generalized to high order in [2, Lemma 10],[4, Corollary 10]. It
is extended to the case of non-symmetric tensors in [17] introducing appropriate adjoint cell problems
(see also [8, Lemma 4.6] in the context of nonlinear nonmonotone problems). For the class of nonlinear
problems (1), the following lemma estimates the modeling error e,,,q and the micro error e,,;. defined
n (34). The estimates on ;o4 and e,,;. are shown in Section 5.4.2 and Section 5.4.1 in [6]. The proof
of Lemma 5.4 is thus omitted.

is given by the nodal interpolant Zryu® and C is independent of At, H

~H,0
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Lemma 5.4. Let €04 and e be the modeling and micro error introduced in (34), respectively. Assume
that the tensor a® satisfies (3) and the map A®(x,&) = a®(x,£)E satisfies the conditions (A1) and (Az).
Further, if egprar is evaluated at the nodal interpolant LI,{{ = IHuo(-,tn) of the homogenized solution u®
we assume the regularity u® € C°([0,T], H*(Q)). However, if egarar is evaluated at the elliptic projection
U = G0 see (41), then we assume that @10 is uniformly bounded in the W1 norm.

If the multiscale tensor a® satisfies am(z )€ WER(RY) for 1 < i,5 < d (for ace. x € Q) and
hypotheses (H1) and (H1*) hold then the micro error en,;. can be explicitly estimated by

2
€mic S C (h)
e

where C' is independent of h and €. Further, assume that of(x,&) satisfies (H2) and is replaced by
a(zr,x/e,€) in (13) and (14). If x*(zk,-) € WH(Y) in (6), then the modeling error is bounded by

1/2

e < 0, W(K(;) = Wper(K§) 5/5 € I\I>0>
mod
C(5)"", W(Ks) = Hj(Ks),0 > e,

where C' is independent of € and .

Proof of Theorem 4.6. Combining Lemma 5.4 with Theorems 4.3 and 4.4, we immediately deduce
Theorem 4.6. O

It remains to prove Theorems 4.3 and 4.4, this is the purpose of the next section.

5.2 Proof of the a priori error estimates

For 0 <n < N, let 4, = (uff, {UZK}) € ST be the numerical solution obtained by the linearized multi-
scale method (15),(16). In our analysis, we shall first consider the case where the nonlinear initialization
(17) is not used, i.e. for a given 4y = (uff, {uf) }) € ST at time to = 0, the sequence {d,} is defined
using (15) for all n > 0, including the first step 4; with n = 0 in (15),(16). We shall derive our a priori
error estimates in terms of an initialization error e;,;; defined below. Then, we will show how to take
advantage of the nonlinear initialization defined in (17) to derive the claimed error estimates.

Consider the elements U,, = uH, {Z/IZLLK}) € SH such that Z;{fLLK is the solution to the nonlinear

micro problem (11) constrained by the macro function U¥. We define 6,, € SH-" by

Op =tin — Uy, e, O =ull —yf 0" =al,~U Y, 0<n<NKeTy. (47)
Using notation (47), we define the initialization error e;,;,

it = 1|06 0y + VA |Vo , - (48)

Our analysis will show in particular that the VAt term in (48) can be removed from the a priori error
estimates. In what follows, we take U’ as either the nodal interpolant U = ZTyu®(-,t,) defined in (39)
or the elliptic projection Z/{H = afl0(-t,) in (41).

Lemma 5.5. Assume that a® satisfies (3) and that conditions (27), which depend on p € {1,2}, hold.
Let either UM = Tpu®(-,t,) be the nodal interpolant (39) and p = 1 or U = a0 be the elliptic
projection (41) and p = 2 (when additionally assuming u® € C°([0,T], W*>(Q)) and (43)). Then, for
any0 <n<N-1 and w € STh

K
/&ﬁH Har + Z K] Vun K)V9n+1K Val-dx
KeTy 6' K5
< C(At+ H* + rgvn (VUL D)) IVD gan + L (ViD), (49)

where the constant C is independent of H,At, the upscaling error rgpya is defined in (21) and the
linearization error functional L, : ST" — R is given by

. K c 5 . X . .
Ln(Vib) = > |K5|| [a (2, VU} ) — a®(z, Vil )| VUL i - Vidlda. (50)
KeTw Ks
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Proof. As first step, we derive an error propagation formula for the sequence {én} Let0<n< N—-1and

w € SHh. Using the definition of the multiscale method (15) and the weak formulation of the effective
equation (5) at time ¢,1 we obtain

/ateH Ay + Z |K5| (z, Vil )V, | - Violida
KeTu

= / oulwdr + B (0l ull, | w™)
Q

_ K
- / U w de — K] a(z, Val )VU!, | - Violkde
Q Ks

KeT; |K5|
= / [0, (2, tpi1) — QU | wH da (51a)
Q
O 0,h H
/A 5 VU0, b)) - Vulldz — S [KAYVUE, ) - Vo (2 (51b)
KeTu
1 )

+ > IK] [Aﬁeh<vuf+l)-VwH(xK>—m af (2, Val i )VU! | g - Vidfedz|
KeTnu 9 K

(51c)

where the numerically homogenized nonlinear map AZ’h is given by (35). We note that the terms (51a)
and (51b) can be bounded using Lemma 5.3.

Next, we estimate the term (51c), which is due to the linearization applied in the proposed multiscale

method (15). Decomposing the error term (51c¢) and combining that with the results of Lemma 5.2 as
well as the boundedness of the tensor a® postulated in (3) yields

(510) = > |K| AR (VUy) — AR (VU] T (@)

KeTy
‘K| af “h _ € ~h Jh xT.nh
+ Z af(z, VU ) — a (2, Val )| VU - Vil de
KeTu

K| X . A
+ Y ) o (x, Vil ) [vuj;) -, K] Vil da
KeTu s

_L R .
A(L+A || Vel vu,fHLz(Q)HVwHSH,h + L, (Vw),

where L, (V) is defined in (50). Further, in both cases U = Tyu(-,t,) and UF = a0 see (39)
and (41), respectively, the estimate ||[Vi4F | — VU || L) < CAt holds due to the estimate (45) from
Lemma 5.3 and the regularity assumptions (27) and (43) O

The following lemma states a priori error estimates analogous to those of Theorem 4.3 in the case
where the nonlinear initialization (17) is not used.

Lemma 5.6. Under the hypotheses of Theorem 4.3, consider the linearized FE-HMM (15) where in
contrast to the nonlinear initialization (17), for a given 1y = (ulf, {ugK}) € SHh at time ty = 0, the

value @y = (ull, {ul x})E € ST qt time t, = h is defined using (15),(16) withn = 0. Then, the conclusion
of Theorem 4.3 holds with ||ufl — gl|L2() replaced by einit defined in (48).

Proof. Let 0 <n< N —1and w € St We first estimate the linearization error L,,, see (50),

N < F K| ih 5 A
L, <1i, Bl oh H ‘ 0, ,
Lol = K;’H K| ks V| [Vt sth VOn|| gu IVl
where we used the Lipschitz continuity (23) of a®(x,-). Thus,
|L, (V)| < L,,||VOy, SH,thwHSH"” with £,, = o (52)
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Then, we follow the lines of the proof of [6, Theorem 4.1]. Let us choose w = énH in inequality (49).
Due to (19), (38) and the uniform ellipticity of the tensor a® we obtain

1 2
2AL (H%IHHLQ(Q ||0 HL2 Q)) +Aa n+1H

< /3t9505+1da:+ Z
Q

KeTu 5‘ K5

SH.h

<C(At—|—H”—|—T‘HMM(VU +1 HVOn+1H + L, SH,hHVénJ’_lHSth
< C(AP + H* + rgaan(VUEL)?) £ullv, it An+1HiH’ha (53)

where we used Young’s inequality for the last estimate. Let 1 < K < N, then summing inequality (53)
fromn =0ton =K —1 yields

|01 ||L2 + Aa AtZ‘

2 2u H
un SCAL + 1  max ravn (VUL)?) + |65 HL2(Q) (54)

K-1
2
+ /\—At
@ n=0

SH.h'
As inequality (54) holds for any 1 < K < N we derive
2 2 ol
_ e 2
B 10 + (2= g, 28)r V[, o
n=
2
2 24 H\2 H|2 2| =h
< C(At + H* + 1;1}13%XN7"HMM(VZ/{71 )° + HHO HL2(Q) + At,COHVQOHSH’h)
which proves the convergence under the condition that
2 -
Ma—— max L2>0 & V2L, max ‘ - < Aa, (56)
o 1<n<N-1 1<n<N-1 SH.n

where the explicit expression for £,, is given in (52).

Next, we have to relate the condition (56) (a smallness assumption on L, and the micro solutions to
the nonlinear cell problem (11) constrained by U7) to the condition (28) (a smallness assumption on L,
and the exact effective solution u°). As (R1), (R2) and (43) hold we apply the result of Corollary 5.8.
Thus, for every n > 0 there exist Hy > 0 and hg > 0 such that for H < Hy and h < hg it holds

< V2L, (1+C*+1) sup |u
t€[0,T)

V2L, max ’ (57)

1<n<N-1

g’ ) | Wil (Q) )
where C* is the constant from (R1). Thus, for n > 0 small enough the condition (56) follows from the
smallness assumption (28).

Further, for the same parameters 7, Hy and hg as above one can show analogously that Lg is bounded
by the right-hand side of (57). Thus, using the boundedness of L the terms of the right-hand side of (55)
depending on éo can be estimated by

165711

~ 112
[}2 ) + ALLE Hveo HW <Cet,, (58)

where the initialization error e, is defined in (48).
Combining the estimates [[u®(-,t,) — U || g2-=(q) < CH® for s = 1,2, which hold due to the regular-
ity (27) (for UH = Tyu(-,t,)) and the additional assumption (43) (for U = @1:0), and estimate (55)
concludes the proof of Theorem 4.3.
O

Lemma 5.7. For K € Ty, £ € R?, let X%h and )’(i be the solution to the nonlinear micro problems (25)
and (24), respectively. If (R1) and (R2) hold then for every n > 0 there exists some hg > 0 such that
for all h < hy we have

e+ oxid| . ., < G HO el

where C* is the constant from (R1).
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Proof. The result follows by applying assumptions (R1) and (R2) to the decomposition

e+ oxe” < Iel+ [V e, 9~ VK] =

HLO@([Q) Lo (K L (Ks)

Corollary 5.8. Let 0 < n < N and U either be given by the nodal interpolant (39) of u®(-,t,) or
the elliptic projection (41). Assume that (43) additionally holds if U = 0. If (R1), (R2) hold and
u® € CO([0,T), W2>2(Q)), then for every n > 0 there exist some Ho, hg > 0 such that for H < Hy and
h < hg it holds that

max HVUn
1<n<N-1

, S(L+C* +m) sup [u’(-

)| ppr1.00
s te[0,7T] 7 |W1‘ SOX

where C* is the constant from (R1).

Proof. If u® € C°([0,T], W*>(Q)) we have that |2/} —UO('7tn)HW1,w(Q) < CH for UH = Tyu®(-,t,)

(see [12, Theorem 3.1.6]) as well as for U = 40 (if additionally (43) is satisfied). Combining that with
Lemma 5.7 (for & = VU (xx) and h small enough) yields

max HVUn
1<n<N-1

, <(1+C"+3) max ||VU

|
S 1<n<N-1 n L= (Q)

* H 0 0
<@+, max (14 =0t oy + 100 ) o)

<(14+C*"+n) sup ul (-t rons
( ]

where the last step holds if H is small enough. O

Analogously to Lemma 5.6, we have the following lemma in the case where, in contrast to Theorem 4.4,
the nonlinear initialization procedure (17) is not applied.

Lemma 5.9. Under the hypotheses of Theorem 4.4, consider the linearized FE-HMM (15) where in
contrast to the nonlinear initialization (17), for a given iy = (uf’, {uf x}) € S™" at time to = 0, the

value Gy = (ufl, {uf x}) € S at time ty = h is defined using (15),(16) withn = 0. Then, the conclusion
of Theorem /4.4 holds, with ||ull — gllr2 () replaced by einie defined in (48).

Proof. Compared to the proof of Theorem 4.3, this proof relies on a different estimate of the linearization
functional L,, defined in (50). Let 0 <n < N — 1 and @ € Sp ;- Instead of the estimate (52) we use the
result of the technical Lemma 5.10, i.e.,

Lo (V)| < Ly|| Vs,

SH. IV@llgmn, — with Ln = La + K&ty len,sell (oo (reyyyaxas (59)

where L, is the constant from (30) and e, i is given by (31).
Following the lines of the proof of Theorem 4.3 the convergence result can be shown again (cf. con-
dition (56)) under the condition that

2 Aa
Ao — ~— max L2 >0 & Lo+ max lenill o s, ana < 5 (60)

b
1<n<N-1 \/5

where the right-hand side of the equivalence (60) is due to the definition (59) of £,. Then, it is easily
seen that condition (60) holds due to the hypothesis L, < A,/(2v/2) (ensuring monotonicity) from (30)
and assumption (32). Finally, we observe that £y is bounded due to the boundedness (3) of a, i.e.,

leo.x (z)||7 < CA, for K € Ty and a.e. z € Ks. Thus, the error terms depending on 6y can again be
bounded by e;pit, cf. (58). O

Lemma 5.10. Let @ € 87" and 0 <n < N — 1. If the tensor a° satisfies (30) then

L0700 < (Lo + e el pove ) [ 900

IVl i,

where Lq is the constant from (30) and e, i is defined in (31).
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Proof. Let w € S™" and 0 < n < N — 1, we recall that the explicit representation of L, (V) is given
n (50). Then, for 1 <1i,5 <d, K € Ty and a.e. x € K;, we have

1
ag; (@, VU ) — afj (@, Vit ) = — /0 (Vea® (&, du,xc (7)) VO], x])igdr,
where d,, g () = VLA{,?K + TVGAZJ( (for 0 <7 < 1) and Vea®(z,€)[n] € R¥4 is defined by

(Vea(z,8)[n])ij = Veag;(x,6) -n,  &neR?, ae z € Ks. (61)

Thus, the integral in (50) can be expressed as
/ | (0, VUL ) = o (@, Vil )] VU i - Videda
Ks
1
= - / / Veas (z,dn i (7)) [VOR (| VU edr - Vil da (62)
Ks JO

1 1
- / / I i (@, 7)dT - Vbl da + / / I i (z, 7)dr - Vil dz, (63)
Ks J0 Ks JO

where in the last line we decompose (62) into two parts with I, g, I x: K5 x (0,1) — R? given by

Ly (2,7) = Vea® (2, dn, i (7)) [VO, ldn i (7), i (2,7) = Vea (@, dn, i (7)) [VO) 7VO 1, (64)

which is well-defined for a.e. 7 € (0,1) and a.e. z € K.
Recalling the definition (61) of V¢a® and applying repeatedly the Cauchy-Schwarz inequality leads to

. 2
. o A dn, i (7)
i (7)) < ”;1 azk (@, dn, i (7))| |dn,x (T ’ ‘VG K’2 <12 (1+ C;:,K(T)) ‘V9 ’
i (65)

for a.e. 7 € [0,1], » € K, where the assumption (30) yields the second last inequality.
Finally, we study the term I, g defined in (64). Let 1 <14, j < d we observe that for a.e. 7€ (0,1)

0 d 8&% 7 9 s € 7 Ah
g[% (@, dn i (7)) = (xvdn,K(T))a*[dn,K(T) cer] = (Vea® (2, dn, k(1)) [VOy k])ij, (66)

k=1

a.e. in K. Thus, the definition of I,, i and V¢a®, see (64) and (61), respectively, and identity (66) yield

’\42

d
= 7 S (Ve (@, du i (DI ) is (VB - ) = S0 750, (0, (DD (V8 ).
. (67)

By combining (67), integrating by parts and using the variable s = 1 — 7, we obtain the representation

1 d 1
JRTCRTEDS [afj@c, Vil ) - [ e Vil - svémds] (V0" - e))
0 = 0
= emKVHAZ,K - €4, (68)

for a.e. € Kj, where the definition (31) of e, x is used in the last line.
Thus, we conclude the proof by combining the definition (50), the decomposition (63), the esti-
mate (65) for I,, x and the exact representation (68) of I, k. O

Based on Lemma 5.6 and Lemma 5.9 involving the initialization error e;,;;, we may now prove
Theorem 4.3 and Theorem 4.4 by taking advantage of the nonlinear initialization (17).
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Proof of Theorem 4.3 and Theorem /.4. Consider the sequence {,} generated by the linearized multi-
scale scheme (15) for all n > 2 and where 4!’ is defined using the nonlinear initialization (17). For the
error analysis, we define in view of (47)

0l = ull —ul, 0,, = i, —Uy,, for1<n<N. (69)

Since the first step @’ is defined using the nonlinear FE-HMM, the error propagation formula for the
first step of the nonlinear scheme, see [6, Eq. (40)], yields

165132 0 = 1687132 + ADEVOT [} ) < CAL(AL + B + rpasns (VUITY?), (70)
where A is the monotonicity constant of A°. In particular we observe that

AL[VOF|[}2 ) < CAHAE + HY + rarns (VUE)?) + C|l08 | . (71)

(DN

From (54), we have that for 2 < K < N (where K > 2 instead of K > 1 due to the initialization step)

N 2
1081 1y = 105 [0y + At || T Hsm < CAH(AE + H? 4 vy (VU )?)

, (72)

SH.h

2
—AtL?
+ N AL

where A, is the ellipticity constant of the tensor a® and L,, is the linearization error defined in the proofs
of Lemma 5.6 and Lemma 5.9. Analogously to the proof of Lemma 5.6, summing (72) from n = 1 to
n = N — 1 and adding (70) yields

N
||9HHL2 @ T ’\AtHVGHHH @ T </\a : max 5721) Atz HVén ) (73)

)\ 2<n<N-1 SH,h

1<’n<N
< C(At2 HQH + maerHMM(VU ) + ||6‘51HL2(Q + At£2HV91H

Further, analogously to the boundedness of £y in the proofs of Lemma 5.6 and Lemma 5.9, we deduce
that £; is bounded. However, in contrast to case of a general initialization of the linearized multiscale
method (see (55), where || V|| gz cannot be estimated), we are now able to bound the term ||V6, || gz
explicitely. Let K € Ty and K be its associated sampling domain. Then, according to (69), we have that

9?( 1= u}}( 1 Z/{K 1 Where u% 1 and Z/{K 1 is the solution to the nonlinear micro problem (11) constrained

by uff and U}, respectively. Thus, Lemma 5.2 yields

. L

L . A
ey S AV K5l |Vt (vx) = VU (z)], e, HV91
5

SH.h

Finally, by combining inequalities (71), (73) and (74) we obtain

1<n<N /\ 2<n<N-1 SH.h

N L2
mas [|01]2,, )+>\At’|VGfIHQLQ(Q)+(,\a 2 3)&2“%

< C(AtQ L HM 4 maerHMM(VU ) + ||9{;’|\L2 @t cat| e,

1<n< (Q)

2 2 H )2 2
< C<At + H “-i-lglaSXN?“HMA{(VUn) ) +CH90 ||L2(Q)'

Estimating the initialization error by combining ||06{||L2(Q) < Huéf — gHLQ(Q) + Hg — U(?HL?(Q) with the

error bound Hg —-ult H 2y < CH" concludes the proof. O

()

6 Numerical results

In this section, we compare the performances of the nonlinear multiscale method (10) whose upscaling
procedure relies on nonlinear micro problems, and the linearized version (15) which is based on linear
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micro problems. Using various sample problems in 2D, we show that this linearized version yields analo-
gous numerical errors compared to the nonlinear version, but it is much faster because it avoids Newton
iterations.

To measure the quality of the numerical solution {u’’}, we calculate the relative error measures €co(r?)
and er2(g1y given by?

-1
ceo(r?) = (02?}]\, [l o) = “g”wﬂ)) (ogingaz}vief H“mf('vtk)HL2m)> ’ (752)
N 1/2 Nyey —1/2
eram = [ ALY [Vurtd (t,) - Vull |1, ANV ey | (D)
n=0 k=0

and 1"/ denotes a reference solution for the homogenized equation (5). Since in general it is not available
in analytical form, an algorithm to obtain an accurate reference solution u"f is discussed below.

6.1 Convergence rates and performance comparisons

Test problem. We consider the square domain Q = (0,1)? and the final time 7' = 2. To investigate
first the spatial (on macro and micro scale) and temporal discretization errors, we choose a test problem
with a periodic tensor, which yields a modeling error e,,,q = 0 using a periodic coupling. We consider
the multiscale problem (2) with the periodic tensor a® given by

%Jrsin(Qﬂ'yl) 0
5,11 v -
(@6) = a(2,6) = alp€) = | S+ L L | gy | Freema ]
) 503 (3P 0 FainCzre)
§+sin(2ﬂ'y1)

for (x,€&) € @ xR? and we choose ¢ = 10~ as period of the micro oscillations. Throughout Section 6.1 we
use v = 1/2 (with a single exception specified in the text). We note that (76) satisfies the assumption (30)
of Theorem 4.4. Further, the right-hand side term in (2) is defined by

flz,t) = %(1 + 2sin(2mz1t))(2 4 1023 + cos(7t)), (x,t) € 2 x(0,2). (77)

Although our analysis is presented for a time independent f, it could be generalized straightforwardly to
the case of a time dependent source term f.

Reference solution computation. The reference solution u"*/ is obtained by homogenizing the mul-
tiscale problem (2) following an iterative approach. First, we precompute the homogenized map A°(&)
given by (6) for & within some bounded box @ C R%. We note that the homogenized map A° from (6)
and the cell problems (7) are independent of the spatial variable z €  because the tensor (76) is periodic.
The box @ has to be adjusted such that the gradient Vu"¢f of the reference solution lies in . Within
@ we choose uniformly distributed points &; € @ for which the nonlinear cell problems (7) are solved by
a finite element method using piecewise affine basis functions. Using the numerical solutions to (7), an
approximation of A%(&;) is then calculated following the formula (6). For a general £ € Q we use bilinear
interpolation of the values A°(&;) at the uniformly distributed points &;. In Figure 1.(a) the nonlinearity
of homogenized map A°(€) is illustrated. For £ = (&,0)7 with —g <6 < g, we plot the entry af; (&) of
the homogenized tensor a® (&) satisfying A%(€) = a®(£)¢.

Using this precomputed approximation of A°(€) we solve the effective equation (5) by combining the
implicit Euler method in time and a finite element method (again with piecewise affine functions) in
space. In Figure 1.(b)—(d) the reference solution u"* at time ¢ = 0,1,2 is plotted. We note that the
evolution of the local maxima of u"¢f over time is mainly driven by the time-dependency of the right-hand
side function f(z,t) while the nonlinearity of A°(¢) leads to edge sharpening effects.

2The prime in Z/ indicates the use of the trapezoidal rule for the quadrature in time, i.e., the first and the last terms
of the sums are multiplied by 1/2.
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(a) Entry a3y (£1,0) of the homogenized tensor. (b) Reference solution u™*/ at t = 0.
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(¢) Reference solution u™f at t = 1. (d) Reference solution u"*/ at t = 2.

Figure 1: Reference solution u"¢/ for the homogenized solution u® of the test problem of Section 6.1. Ref-
erence solution u™®f obtained as described in Section 6.1. Homogenized map approximated at 601 x 601
uniformly distributed points & within the box @ = [~2, 8]2. Cell problems (7) solved on uniform trian-
gular mesh with 1282 degrees of freedom. Reference solution u™®/ calculated at N,.s = 4096 equidistant

times on uniform triangulation of Q with 5122 degrees of freedom.

Initial conditions. To avoid regularity issues for the initial condition, which are a classical issue already
for linear parabolic singlescale problems, see [39, Chapter 3|, we apply the following methodology. We
calculate the reference solution u"*f on the extended time interval (—1/2,2) with initial conditions at
t = —1/2 given by u°(x, —1/2) = (21 — 22)(z2 — 22). Then, we use g(x) = u"/(x,0) as initial conditions
for the test problem (2). Thus, the effects of incompatible or non-smooth initial data are negligible as the
linearized multiscale scheme (15) is studied on (0,2), i.e., on a time interval safely bounded away from
t=-1/2.

Convergence rates. We study the convergence of the linearized multiscale method (15) when solving
the multiscale problem (2),(76),(77) with the initial condition at ¢ = 0 defined above. We perform the
tests for the microscopic period e = 10~% and we choose the periodic coupling W (Kj;) = Wpler(K(;) and
sampling domain size § = € to obtain a vanishing modeling error e,,,q = 0. For the discretization of the
spatial macro domain 2 and the sampling domains K we use uniform triangular meshes with N,,,. and
Npic the number of elements in each spatial dimension, respectively. Further, we note that the mesh size
of the macro and micro triangulations behave like H ~ N1 and h/e ~ N | respectively.

First, we study the convergence with respect to the spatial discretizations. The influence of the time
discretization is made negligible by choosing a fine time grid with N = 2000 uniform time steps. The
error measures (75) are plotted in Figure 2.(a) in dependence of Ny,q. while the micro discretizations are
kept fixed with Ny,;. = 4,8 or 16. We observe that the error measures (75) indicate a saturation of the
error for fine macro discretizations (with some additional effects for Ny,;. = 4,8). However, the saturation
levels clearly depend on the micro discretization N,,;.. Thus, we conclude that for small macroscopic
error, i.e., large Np,q., the microscopic error gets dominant as predicted by Theorem 4.6. We note that
the micro error decreases superlinearly in h/e (the rescaled micro mesh size). Further, the convergence

rates with respect to the macro mesh size H ~ 1/N,,4. are in coincidence with Theorem 4.6.
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In Figure 2.(b), we take fine spatial macro and micro meshes with Ny,ac = 256 and Ny, = 32,
respectively, and analyze the dependence of the error measures (75) with respect to the time step size
At ~ N~!. While the error measure eco(r2) shows a linear convergence, the error measured by erz 1)
quickly approaches a constant value. Thus, despite the (relatively) fine spatial macro discretization the
macroscopic error is still dominant (the micro error can be excluded as eco(z2y does not get saturated at
a comparable level). In summary, the numerical tests presented in Figure 2 largely corroborate the fully
discrete a priori bounds of Theorem 4.6.

100 E
F 1 10-1 F E

1071

relative error

1078 [ S eco(r2) E
F|-%- €21 1
L —— 1 . . | . n

10t 10?
Nimac

(a) Space discretization error. The different lines cor-
respond to a constant micro mesh Np,;,c = 4,8, 16.
Number of time steps N = 1024. Macro meshes with
Nmae = 4,8,16,32,64, 128, 256.

102 2

relative error

1073 F

(b) Time discretization error. Macro and micro
space discretization with constant meshes Npjoe =
256, Npmic = 32. Number of time steps N =
4,8,16, 32,64, 128, 256.

Figure 2: Convergence tests for linearized multiscale scheme applied to test problem of Section 6.1.
Relative error measured by eco(z2) (solid line) and er>(g1) (dashed line) as a function of N4, (in part
(a)) and N (in part (b)), respectively. Comparison to the reference solution u"¢/ defined in Section 6.1.

Refinement strategies for spatial discretization. As proved in Theorem 4.6 and observed in Fig-
ure 2.(a) the spatial meshes have to be refined simultaneously to obtain an overall convergence of the
spatial error. Therefore, optimal refinement strategies of the spatial meshes are essential to achieve an
optimal computational cost, analogously to the linear case. Using H ~ N, and h/s ~ N} (where
Npae and Np,;. denote the number of elements in each spatial dimension for the macro and micro mesh,
respectively) we recall the two L2(H?') and C°(L?) refinement strategies, which yield linear and quadratic
error decays with respect to H, respectively ,

2
) = Nmic ~ V Nmac as H' refinement strategy,

Nmic ~ Nmac

error in L*(H") norm: H~ (

e (79)

o> o>

. 2
error in C°(L?) norm: ) = as L? refinement strategy.

Study of the linearization error. In view of Theorem 4.4 and Remark 4.5 it is important to study
the error term e, x (0 <n < N, K € Ty) given in (31) by

1
en, i (x) = a(z, VQZK) — / a®(z, VﬁZ}K — TV@AZ,K)dT, a.e. T € Kg, (79)
0

where ,, € S#" is the approximation obtained by the linearized multiscale method (15) and 6, € SHh
denotes the difference én = Uy, — Z;{n € SHE? between the numerical solution and an approximation of the
exact solution u° and its associated first order oscillations. In particular, we have that U,, = (U, {uff K1)
where the macro function ¢!’ is an approximation of the homogenized solution u° at time ¢,, (either the
nodal interpolant Zyu®(+, t,) or the elliptic projection @1:° defined in (41)) and Z:ISK is the solution of the
nonlinear micro problem (11) constrained by . We choose U = Zyu"e/(-,t,) the nodal interpolant
of the reference solution u™®/. The integral in (79) is evaluated using the Gauss quadrature formula
with 10 nodes (to ensure a negligible quadrature error). In what follows, we study numerically the term
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max |le, k|| given by

maXHen,KH = ax Ilen7K||(LOO(K6))dxd-
OSHSI_IIV

We apply the linearized multiscale method (15) to the test problem with tensor a® given in (76). For the
spatial discretizations, we use the optimal simultanenous refinement of macro and micro grids derived
in (78), denoted as H L or L? refinement. For the explicit choice of the parameters Npqc and Ny, we
refer to Table 1.

y | Nnac || 4 [8]16]32]64 |
HT refinement | N, || — [ 3] 4 6 8
L? refinement | Nyie || 4 | 8] 16 | 32 | 64

Table 1: Discretization parameters for the refinement strategies of H' and L? refinement. The parameters
Npae and Ny, denote the number of elements in each spatial dimension when discretizing the macro
domain 2 and the sampling domains Ky, respectively, by uniform triangular meshes.

107 |

max ||en, k||

1072 |-

I|-® ~=1/2, H' refine -B- v =1/5, H' refine
I | —@—~ =1/2, L? refine —B— v = 1/5, L? refine
L f f f Ll

10t 102

Niac

Figure 3: Tests for linearization error e,, g, see (31), for test problem of Section 6.1 using tensor a® with
v = 1/2 (circle marks) and v = 1/5 (square marks). Error term measured by max||e, k|| as a function
of Nypqe. Constant number of time steps N = 1024. Macro and micro meshes according to Table 1 using
H! refinement (dashed line) and L? refinement (solid line), respectively.

In Figure 3 we plot the linearization error max ||e, k|| under H' and L? refinement strategy in space
for a given fine time grid with N = 1024. To gain insights on the linearization error max||e, x| for
different test problems we study the tensor a® given in (76) for v = 1/2 and v = 1/5. First, we note
in both cases that the linearization error converges with respect to N4 (at a rate less than linear)
and that the linearization error is comparable for both refinement strategies. Thus for this test setting,
the linearization error is dictated by the spatial macro discretization. Further, we observe that the
absolute value of the linearization error is (roughly) three times smaller for v = 1/5 than for v = 1/2.
This is reasonable as the tensor a® with v = 1/5 has a weaker nonlinearity than for v = 1/2 (smaller
Lipschitz constant). In summary, the tests of Figure 3 suggest that the smallness assumption (32) for
the linearization error is numerically satisfied for tensors a® given in (76) for 0 < v < 1/2 if the spatial
and temporal discretization parameters are fine enough.

Performance comparisons. The efficiency of the linearized multiscale method (15) compared to the
nonlinear multiscale method (10) of [6] is the main feature of the proposed method, and is thus carried
out carefully. The methods are implemented as similar as possible in MATLAB (version R2013b, 64-bit)
and are run on one single thread of an Intel Xeon E5620 @2.4GHz CPU (with hyperthreading disabled
in MATLAB). We apply both methods to the test problem of Section 6.1 for a given set of spatial and
temporal discretizations. Further, for each set of parameters the reported CPU time t is obtained as the
mean of the measured CPU time for 10 runs.

First, we consider the ep2(g1) refinement strategy At ~ H ~ (h/e)? for a set of discretization
parameters N, Npqc and Np,;.. We report the obtained errors and CPU time in Table 2 for both the
nonlinear and the linearized method. As expected by our convergence analysis, we obtain analogous
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errors for both methods. More interesting is the CPU time t which is smaller by about a factor 10 for
the linearized method.

linearized method nonlinear method

t ‘ €co(L2) ‘ €L2(H1) t ‘ €co(L2) ‘ CL2(H1)
8 8 3 0.06 | 0.0560 | 0.2794 0.25 | 0.0563 | 0.2793
16| 16 4 0.35 | 0.0618 | 0.1501 2.23 | 0.0559 | 0.1495
32| 32 6 2.56 | 0.0189 | 0.0734 || 19.65 | 0.0138 | 0.0731
64| 64 8 20.25 | 0.0131 | 0.0374 || 165.75 | 0.0111 | 0.0372

N Nmac N’mic

Table 2: Performance comparison between the linearized multiscale method and nonlinear multiscale
method for test problem of Section 6.1. Simultaneous refinement of At, H and h according to At ~ H ~
v/h/e. CPU time t measured in minutes. Error measures defined in (75).

Analogously, we consider an overall refinement of spatial and temporal discretizations such that eco(z2)
converges quadratically with respect to H. Thus, we choose At ~ H? and use the L? refinement in space,
see Table 1. In Table 3, we observe that the error measures eco(z2y and erz g1y show quadratic and
linear convergence, respectively. Further, both error measures indicate a comparable accuracy of the
linearized and nonlinear method for the given set of parameters. However, the computational cost for the
linearized scheme are again significantly smaller. We conclude, that for the test problem of this section,
the linearized method needs 4-9 times less execution time.

N Ny | N linearized method nonlinear method
t ‘ €co(L?) ‘ €L2(HY) t ‘ €co(L?) ‘ €L2(HY)
4 4 4 0.01 | 0.2220 | 0.5042 0.04 | 0.2220 | 0.5044

16 8 8 0.11 | 0.0697 | 0.2807 || 0.74 | 0.0646 | 0.2805
64 16 16 2.07 | 0.0174 | 0.1440 | 19.95 | 0.0159 | 0.1439
256 | 32 32 || 76.59 | 0.0043 | 0.0724 || 789.70 | 0.0040 | 0.0724

Table 3: Performance comparison between the linearized multiscale method and nonlinear multiscale
method for test problem of Section 6.1. Simultaneous refinement of At, H and h according to At ~
H? ~ (h/¢)?. CPU time t measured in minutes. Error measures defined in (75).

Finally, we perform a series of tests where we search parameters N, Np,qc, Nimic for both linearized and
nonlinear methods such that a given accuracy measured by eco(rz2) is obtained at minimal computational
cost. As set of possible parameters we take N > 2, N4 € {4,8,16,32} and Ny = Npae (according
to L? refinement in (78)). The results are given in Table 4. While the spatial parameters N,,,. and
Npic are identical for both methods, the linearized scheme requires roughly twice as many timesteps to
obtain a given precision. This is due to a slightly larger error constant C' in the a priori estimate of
Theorem 4.6 for the linearized method compared to the constant in the error estimates for the nonlinear
method, see [6, Theorem 4.2]. We emphasize that this factor is independent of the spatial discretizations.
However, this still leads to computational savings of a factor 3-6 for the linearized scheme. Thus, for
the test problem studied in this section, the linearized multiscale method (15) indeed is drastically more
efficient than the nonlinear multiscale scheme (10).

linearized method nonlinear method
N ‘ Niae ‘ Npic ‘ t ‘ €Co(L2) N ‘ Npac ‘ Npic ‘ t ‘ €co(L2)
0.1000 4 8 8 0.06 | 0.0792 || 4 8 8 0.19 | 0.0792
6 6
4 4

precision

0.0750 8 8 0.07 | 0.0722 8 8 0.29 | 0.0722
0.0500 16 16 | 0.46 | 0.0410 16 16 1.48 | 0.0410
0.0250 26 16 16 1.06 | 0.0248 || 12| 16 16 4.34 | 0.0240
0.0100 49 32 32 118.86 | 0.0099 || 21| 32 32 | 91.21 | 0.0100
0.0075 73 32 32 125,55 0.0075 || 34| 32 32 1139.75 | 0.0074
0.0050 || 157 | 32 32 | 48.88|0.0050 || 87| 32 32 1293.01 | 0.0049

Table 4: Performance comparison between the linearized multiscale method and nonlinear multiscale
method for test problem of Section 6.1. Given precision (measured in eco(r2)) attained at optimal
computational cost. CPU time t measured in minutes. Error measures defined in (75).
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6.2 Case of a degenerated problem

Many physical applications, e.g., non-Newtonian fluids, problems in elasticity and magnetodynamics, are
modeled as monotone nonlinear parabolic problems (2) with a tensor a®(x,¢) degenerated in & € RY
(typically ||a®(z,&)|| — 0 or oo for either & — 0 or || — o0). A widely studied example is the
p-Laplacian, on which we now focus in a multiscale context. Such degenerated parabolic problems are
particularly challenging numerically and for the analysis, due to the poor regularity of the exact solutions,
see e.g. [10, 14]. However, the homogenization results of [36, 37| cited in Section 2 (for monotone operators
on H'(€)) hold as well for monotone operators on W1 (Q) for p > 2, e.g., for operators with nonlinearities
similar to the p-Laplacian. Hence, to study the applicability of the linearized numerical homogenization
method (15) for homogenization problems (2) with a degenerated multiscale tensor a°(z, &) we consider
the problem of a multiscale p-Laplacian on the space time domain Q x (0,7) = (0,1)? x (0,1/2). For
p > 2, we introduce the periodic tensor a®(z,§) given by

QE(L&) — a(§7£) _ a(%f) _ <11 + sin(27r(x1 +;E2)) + % + Sin(27ﬂ/1) + % + Sin(2ﬂ'y2)

p—2
1d, (80
10 % +cos(2my2) 2+ Sin(27ry1)) €1 (80)

which is equal to the zero matrix for £ = 0 and unbounded for |{] — oo. In this section, we consider
the tensor a® for p = 3. Further, we choose ¢ = 1074, the right-hand side function f = 1 and the
initial condition u®(z,0) = $22(1 — x2) cos(rz1). We employ mixed boundary conditions on the spatial
boundary 02

u(z,t) =0, onIp x (0, %), a®(z, Vu® (z,t))Vu®(x,t) -n=0 on 'y x (0, %),

where I'p = [0,1] x {z2 = 0,1}, 'y = 9Q\ I'p and n is the outer normal vector.

Numerical studies. We apply the linearized multiscale method (15) to the degenerated parabolic
multiscale problem with the tensor a®(z,£) given in (80) for p = 3. The solutions obtained by the
linearized scheme are compared to a numerical solution computed by using the nonlinear multiscale
method (10). For both methods, we choose an optimal coupling of macro and micro solvers, i.e., periodic
coupling W(K5) = Wpler (Ks) and sampling domain size 6 = . Further, to avoid singular linear systems
due to degenerated (linear and nonlinear) micro problems we regularize the tensor (80) by replacing |¢]

by +/|€]* + 1 with 5 = 107109,

The spatial points z €  where Vu®(z,t) = 0 for some ¢ € (0,1/2) are of particular interest due to
the degeneracy of the tensor a®(z,£) in £ = 0. As I'p N{u®(x,0) < 0} is a set of points where degeneracy
occurs, we present the profiles of the numerical solutions at 1 = 1 at times ¢t = 0,1/8,1/4,3/8,1/2. The
plot of Figure 4.(d) shows the numerical solution given by the nonlinear multiscale scheme calculated
with NV = 256 time steps and N,,,qc = Nyic = 64 elements in each spatial dimension of the uniform macro
and micro mesh. Then, in Figure 4.(a—c) the solutions obtained by the linearized scheme for parameters
N = Npae = Npie = 8,16,64 are presented. We recall that in view of Theorem 4.6, a simultaneous
refinement of temporal and spatial discretization parameters is needed to obtain robust convergence at
optimal computational cost.

We observe that the numerical solutions obtained by the linearized scheme approximate well the
reference solution calculated by the nonlinear scheme. Further, we note that in Figure 4 small oscillations
can be noticed for values of x5 close to the boundary. Thus, at the points (in space) where the tensor a®
degenerates, stability issues may appear. However, these become small when appropriately refining the
temporal and spatial discretization.

Dirichlet coupling. As for practical problems the exact period € of the spatial micro oscillations often
cannot be determined exactly, one might use coupling conditions with non-periodic boundary conditions
for micro sampling. A popular choice is to use Dirichlet boundary conditions W (Kjs) = H}(Kjs) for the
micro problems and a sampling domain size ¢ larger than the actual period . Herein, we present numerical
results illustrating how the modeling error due to those non-optimal coupling conditions behaves when
the sampling domain size § is increased.

For all tests of this paragraph, we use the linearized multiscale method (15), take a fixed number
of time steps N = 160 and use a spatial macro mesh with N,,,. = 32 (the number elements in each
spatial dimension). First, we compute a reference solution {#2°"} by using optimal periodic coupling,
ie., W(Ks) = W,,,.(Ks) and sampling domain size § = . For the micro discretization, we use Ny = 32
elements in each spatial dimension. We emphasize that this solution {G2°"} is free of any modeling
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(a) Linearized scheme. Npoc = Npic = N = 8. (b) Linearized scheme. Ny = Npic = N = 16.
——t-12
=12 0dl —o—t=1/1
0.4 —e—t=1/4

(c) Linearized scheme. Npae = Npic = N = 64 (d) Nonlinear scheme as reference. Npmae = Nmic =
Comee e ' 64 and N = 256.

Figure 4: Degenerated parabolic multiscale problem of Section 6.2. Numerical solutions obtained by
linearized multiscale method (15) and nonlinear multiscale method (10), respectively. Profiles of numerical
solution as a function of xs at x; = 1 for times ¢t = 0,1/8,1/4,3/8,1/2. Simultaneous refinement of
temporal and spatial discretization for linearized scheme. To facilitate comparisons, the bullets indicate
the solutions for x5 = 1/8,3/8,5/8,7/8 and t = 0,1/4,1/2.

error, i.e., satisfies the estimates of Theorem 4.6 with e,,,q = 0. Then, we apply the linearized mul-
tiscale scheme (15) with Dirichlet boundary conditions W (Ks) = H{(K;) and sampling domain size
§ = 2¥log(3)e for k = 0,..., 4 (solutions denoted by {@2*}). The micro domain discretization is adapted
to the sampling domain size § such that the micro mesh size h is constant, i.e., the micro error is constant.
In particular we take N,,;c = 35,70, 141, 281, 562.

As the time step size At as well as the macro and micro mesh sizes H,h used for the solutions {a%"*}
(with Dirichlet coupling) and the reference solution {GP"} (with periodic coupling) are identical, the
difference 4% — 42" is solely due to the modeling error. In Figure 5, we compare the numerical solutions
{09*} to the reference solution {@2¢"} using the relative error measures (75).

In Figure 5 we observe a convergence of eco(z2y of linear order O(g/§). A similar trend can be
identified for ep2(g1). This suggests that the modeling error for the studied nonlinear and degenerated
test problem behaves like for linear homogenization problems, see [19]. Further, the estimate from
Theorem 4.6 predicting a convergence of order O(1/e/0) (for non-degenerated tensors a®) seems to be
non-optimal for the studied test problem.

7 Conclusion

We presented a new linearized multiscale method to solve a class of nonlinear monotone parabolic ho-
mogenization problems and we derived fully discrete a priori error estimates (in time and space). The
assumptions for the convergence results are twofold. Either we make a smallness assumption for the
strength of the nonlinearity, or we suppose that the linearization error itself is sufficiently small. Numer-
ical results show that the linearization error is indeed small for sufficiently fine discretizations in time
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Figure 5: Degenerated parabolic multiscale problem of Section 6.2. Effect of sampling domain size ¢ for
linearized multiscale method (15) using Dirichlet coupling W (Kj5) = H}(Ks). Sampling domain size §
taken as § = 2Flog(3)e for k = 0,...,4. Temporal and spatial macro and micro discretization errors
kept constant. Comparison to solution obtained by the linearized multiscale scheme (15) with optimal
periodic coupling.

and space. The main feature of the proposed approach is that the upscaling strategy is based only on
linear micro problems, which makes the implementation of the method efficient and straightforward, as
demonstrated in the numerical experiments.

Since the nonlinearity of the studied problem possibly leads to a low regularity of the exact solution, a
combination of the proposed method with adaptivity techniques in time and space would be of practical
interest. In view of the recent work [22], where a posteriori estimates for linearization errors in nonlinear
solvers have been derived, one might aim to control the linearization error e, x, see (31), by some
a posteriori error indicators. Thus, the hypothesis (28) in Theorem 4.4, assuming that e, x is small
enough, could possibly be ensured by using an appropriate adaptive refinement.

Acknowledgements. The research of A. A., M. H., and G. V. is partially supported by the Swiss
National Foundation, Grant: No 200021 134716/1, and No 200020 144313/1, respectively.
A  Appendix
Proof of Remark 2.1. For £ € R? and a.e. z € Q, the derivative D¢ A® can be represented by
d 9as.
DA% (2,€) = a®(z, &) + 0ca®(2,§)[§],  with (Oea®(x,€)[E])ix = Z ﬁ(x,{)@, 1<i,k<d. (81)
j=1

Using the Cauchy-Schwarz inequality and condition (4), we derive that (a.e. x € 2, £ € RY)

d 0as; 2 2 )
10¢as (z, €)[E][1% < jzkal 3&5 (z,6)] I¢° < Li(lﬂw < L2, ie, [0cat(z,6)E]|; < Lo (82)

First, we show that A° satisfies (A;). For a.e. z € ), &,& € R?, the representation (81) yields
1
o(a,61) = A@&2) = [ DeA(w o +1(61 - €2)(61 — )it
0

= /0 a®(w, & + (61 — &§2)) + Oga® (v, & + (&1 — &2))[§2 + (&1 — &2)]dt (&1 — &2)

< (Mg + La)|&1 — &2l

where we used the boundedness (3) of a® and bound (82) for d¢a®. Thus, the map A° satisfies (A;).
Similarly, using the ellipticity of a® stated in (3) we obtain that (for a.e. x € Q)

(A (2,&1) —A%(2,&)] - (&1 — &) > (Ao — La)l&1 — &I,

i.e., the map A® is indeed strongly monotone if L, < A,. O
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