Fast Ray Features for Learning Irregular Shapes
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Introduction Discriminative Ability Efficient Precomputation
The Ray feature set is a new group of image features designed to consider image Deformation or scale change alters response of conventional features. Given an image gradient G and edge map B,
characteristics at distant contour points. Rays can characterize deformable or ir- original shape scale change  deformation Rays can be precomputed by scanning the
regular shapes with consistent responses, where standard feature sets such as ] image at regular angular intervals. Rays are
Haar and HOG are less reliable. Rays can also provide contextual information out- aar& slower to precompute than integral images
side the detector window. They can be efficiently precomputed in a manner similar & but faster at run-time.
to integral images, making them ideal for boosted classifier-based detectors. . .
- R — Deformation does not change relative distance to characteristic locations. Algorithm 1 Precomputation of Ray Features
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